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0==1T IN THE DAYS OF
axssza KINGS AND PRIESTS
¢ Computers and Data: Crown Jewels

Executives depend on computers

% But cannot work with
them directly

#* The DBA nPrli
% And their Acronymia

% EDW, BI, OLAP



http://www.flickr.com/photos/oknovokght/2189461072/
http://www.flickr.com/photos/cote/54408562/
http://www.flickr.com/photos/pelegrino/2434076076/

THE ARCHITECTED EDW

¢ Rational behavior € for a bygone era
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ATheis @ao point in bringing data € into the data warehouse
environment without integrating it.o
d Bill Inmon, Building the Data Warehouse, 2005
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http://www.flickr.com/photos/pprasad/3215543564/

NEW REALITIES

The World’s Cheapest Car | 23 Hot Summer Gadgets |
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TB disks < $100
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Everything is data
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Rise of data-driven culture

% Very publicly espoused
by Google, Wired, etc.

% Sloan Digital Sky Survey,
Terraserver, etc.

el serd
Tobe?
The quest for knowle with grar eories.
Now it begins with massive a Jelcome t > Petabyte Age.

Petal



http://www.wired.com/images/press/pdf/1607cover.pdf

NEW REALITIES

The quest for knowledge used to
begin with grand theories.

Now it begins with massive amount$
of data.

Welcome to the PetabytéAge.

The End of SC1ence

The quest for kn ed tobe nd the
"flq.,msmthmasslvg t ilt \Vl t the } tl te Ag



http://www.wired.com/images/press/pdf/1607cover.pdf
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MAD SKILLS
Y

Magnetic
s attract data and practitioners
Agile

s rapid iteration: ingest, analyze,
productionalize

Deep
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sophisticated analytics in Big Data



http://www.flickr.com/photos/tmartin/32010732/
http://www.flickr.com/photos/wmcbride1965/3605220261/
http://www.flickr.com/photos/sickening/287923931/

MAD SKILLS FOR
ANALYTICS

Urban Dictionary: mad skills

] | + | 11 http:/ /www.urbandictionary.com /define.php?term=mad+skills

DICTIONARY

random A B € D E F G H I 1 K LN oP QrR S T UV W

. mad skills 92 up, 1

mad scratch
To be able to do/perform amazing/unexpected things

Mad Seamie
mad season
Mad Seeg

mad shake-ups
Mad Shiggerish

I gots me mad skills, yo.
To be said after performing an extraordinairy feat.

get this def on a mug B




THE NEW PRACTITIONERS

ALooking for a car
services will be in high demand?

er vy L
\ the sexy job in

the next ten
years will be

é Provide a scarce, (atistician
service to something that is getting . stats ca?
ubiquitous and cheap. .
/_'
So whatos ubi an

Data.

And what is complementary to data?

\ Analysis.

Hal Varian, UC Berkeley, Chief Economist @ Google



http://people.ischool.berkeley.edu/~hal/

Aggressively Datavorous

Statistically savvy

Diverse In training, tools



http://www.flickr.com/photos/ucumari/356615093/
http://www.flickr.com/photos/ashleighozment/2397538892/
http://www.flickr.com/photos/volk/1379996042/

5.).6 FOX AUDIENCE
NETWORK

AUDIENCE NETWORK

A Greenplum DB A Variety of data
A 42 Sun X4500s ( i TAh uAdpogs, GRM, User data
each with: :
48 50068 drves A Research & Reporting
A 16GB RAM A Diversity of users from Sales Acct
A 2 dual-core Opterons Mgrs to Research Scientists
A Blg and growing A Microstrategy to command-line

SQL
A 200 TB data (mirrored)

A Fact table of 1.5 trillion rows A Also extensive use of R

A Growing 5TB per day and Hadoop
A 4-7 Billion rows per day

As reported by FAN, Feb, 2009
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VIRTUOUS CYCLE OF
ANALYTICS
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Analysts trump DBAs  [RIRiEs

to improve
performance g

% They are data magnets

% They tolerate and clean L change

: practices
dirty data o Suit

% They like all the data

(no samples/extracts) o
acquire new

% They produce data i ol
analyzed

Figure 1. A Healthy Organization
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